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m RLS state model:

dln] =
x[n+1] =

wjr;odu[n] + eo[n]

x[n], x[n] = wmog, Cln] = u’[n]
® Unforced dynamical system:
P_[n] = A[n—1]P[n—1]AT[n—1] = P4 [n—1]

m Kalman gain for unit variance v[n]:
P_[n]CT[n]

opt _
Ko™l =1 C[n]P_[n]CT[n]

DKF and RLS filters

m RLS gain vector:

. A 1P[n — 1]uln]
14 2 "MuT[n]P[n — 1]uln]

gln]
® One-one correspondence if :
P [n]=Piln— 1] =A"1P[n 1]

m DKEF state estimate:
R4 [n] = Aln — 1]1x 4 [n — 1] + Ks[n]akal[n]
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m RLS Tap-weight update:
wn] = wln — 1] 4 gln]a,5[n]

m Relate DKF state estimate and RLS tap-weights:
Xt [n] = ¢[n]win]

m Solution for one-one correspondence:

AOHD/20 A 1] = A"Y2
A" 2g[n],  agalln] = A7 2ay50n]

¢[n] =
Ko[n] =
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® Further correspondence relations:

x[n] = A" ?wnoq, yln] = A7"/2d[n]

m RLS unforced state model:

A1/ 2x[n]
ul'[n]x[n] + v[n].

xX[n+1] =
y[n] =

m Correspondence relations : equivalence of RLS
deterministic and DKF stochastic framework.



